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Automatic recognition method of women’s professional dress style based on
YOLOVS algorithm
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Abstract:In view of the problems existing in the current automatic recognition methods, such as
complicated image background processing, single form, complicated contour feature extraction and only
one style of a single picture can be recognized, a single-stage object detection ( YOLOvS) algorithm was
applied to realize the classification of professional clothing styles based on clothing pictures. Taking office
women's professional dress as an example, firstly, a sample set of three classic styles of women’s
professional dress, including pants, dresses and skirts, was established and the pictures were marked.
The Mosaic data was used to enhance the training speed of the model and the accuracy of the network.
CIOU_Loss was selected as the loss function of positioning loss, and finally the automatic detection and
identification of three types of women’s professional dress was realized. The experiment shows that the
style recognition method based on YOLOvS algorithm can effectively classify women's professional wear
under complex background, provide new ideas for visual classification and recognition of clothing
products, and improve the efficiency of related research on clothing products.
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Fig.1 Neck network picture feature fusion flow chart



Fs1E He
2023 4F 6 A

BYRHE

Wool Textile Journal

— 105 —

1.3 Hitim

iy ot OO 2, AT 1 s, FR TG 3 A4
FRAE I 2020 ,40x40 . 80% 80, 1512k ok £4 ] k 1F
AN AE R PE . YOLOVS 2R A 3 i, 43 51 2 7
K (cls_loss) ENI K (box_loss) | B A7 IR
(obj_loss) . 4 Z5F0 % ok I 5 B 0 2K R BCR H
# 42 BCEWithLogits_Loss PR%L, & 37 #1 25 pRECK
[l CIOU_Loss BREL' ™ SR A o B9 AR AR K AR 41D
HlHERVE (NMS) LLIERR 22 4% (9 TR0 AE | 75 HH AR A9 330
MIESS

2 YOLOvS kg

2.1 BUREEE

2k B %5 22 45 O S I g 55 3l i 4 R H:
RS S 7 2 Lo PEAE 2N 55 T 55 1 B BT 5 2 1 R
I 5 v 49" A I TR0 1 R /S
1M R B ZR S8 i Bl 2 2 AR B, Rk
KPR AR AW 3 Pk & RN
b B R LA L, AR SOV R AR BT
D[ 45 0 B I ki 49 4R 3 Fh s & 1200 Kt
3 6007k L+ O3 & A, SCERS N jpe, Lo PRI
AR EUR N E 2 Fiow

2 3FRA MR ERRER
Fig.2 3 Kkinds represent images of womens’ professinoal

dress.(a) Suit pants; (b) Suit dress;(c) Suit skirt

2.2 HRE&ETLE

H jpeg resizer &l &b BRER /58 — B R /IN Al
GrPEE R 4y BEFE O 640 dpix 640 dpi, K/NTE
65 k LAY, i labelimgl. 8. 6 #5 1 T. B %} 54 A
VL br A% X YOLO #% 3, b i o 3 38 suit
pants (K HEESE) suit dress( K ESE) | suit skirt
(IEAM) o Pl e 2R B N2 8,
AT S5 BT b At i 2 5 e [ R R 5 o
R, MR PR B 5 U 2R 4R B IR 4 |
MR SE A BC A3 0 1 1, ASEIIZ44E 2
160 3K , $ R AL A 720 5K, ARTESE MU ,
Tk [y #R XS BL A — > 5% R 44 FR A [R) i
txt SCHF, txt SCHFH AR 1 ATRR 1 A FRid sE 6,
1 ASBREREXS B 1 A5 80HE , 51 154 5 91, WA 3
03 i RN AR A2 ] ARICHE TP B AR AR S R
B BE WY LU AE ARICHE HO G AR bR 5 1 v BE 1Y
{8 BRI HE 58 2 5 1 7 98 B2 19 FUABL L b HE
SEAEEMLE, b B 3 pR, ik
% NN G R AN AL 4 Fvw

3 EEREEGARE
Fig.3 Part of women's professional dress

image annotation frame

4 MRIEEARA ST E
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